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Service Classification Method under Cloud Simulation
Environment Based on Data Mining
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2. School of Computer Engineering and Science, Shanghai University, Shanghai 200444, China)

ABSTRACT ;Service classification has become an important factor that directly affects the optimization performance
and efficiency on service discovery and service composition. To effectively implement service classification, this pa-
per proposes a Web service classification method under cloud simulation environment. The method adopts three serv-
ice feature vector extraction methods to characterize service features from the perspective of syntax and semantics, re-
spectively. Also, five classic classification algorithms have been integrated to train service feature vectors and gener-
ate multiple service classification models, where the optimal one can be selected by the service classification accura-
cy. On the basis of random distribution of Web services in cloud simulation environment, the selected optimal service
classifier has been used to classify the category of cloud services. The simulation experiments have been conducted on
1007 standard Web services with OWL - S description. The experimental results show that, by using comprehensive
Web service feature extraction way together with SVM classification algorithm, the trained service classifier is better
than other service classification models.

KEYWORDS :Service classification; Feature extraction; Classification algorithm; Cloud Platform
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